UCDAVIS

UNIVERSITY OF CALIFORNIA

Stochastic Assessment of Land-Use Change Effect on Groundwater Quality

Christopher V. Henril® | Thomas Harter! | Efstathios Diamantopoulos?

1. University of California, Davis | Department of Land, Air, and Water Resources “chenri@ucdavis.edu
2. University of Copenhagen | Department of Plant and Environmental Sciences

Abstract Validation Application | lllustration

Assessing the impact of a land-use change (LUC) and associated changes in pollutant
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